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1  |  INTRODUC TION

Biodiversity loss is one of the greatest global challenges. Approximately 
1 million species are threatened by extinction (Díaz et al., 2019). While 
the widespread decline in fauna (Dirzo et al., 2014) is discussed prom-
inently in the scientific community and the general public, in recent 
times especially for terrestrial insects (e.g., Eisenhauer et al., 2019; 

Hallmann et al., 2017; Powney et al., 2015; van Klink et al., 2020), 
large-scale changes on the distribution of plants are less widely rec-
ognized. There are few examples of assessments of temporal trends 
in plant diversity over larger regions, such as whole countries (e.g., 
Finderup Nielsen et al., 2019; Rich & Woodruff, 1996; Walker & 
Preston, 2006). A deeper understanding of biodiversity change in 
plants is essential for predicting ecosystem-wide changes, including 
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Abstract
Based on plant occurrence data covering all parts of Germany, we investigated 
changes in the distribution of 2136 plant species between 1960 and 2017. We ana-
lyzed 29 million occurrence records over an area of ~350,000 km2 on a 5 × 5 km 
grid using temporal and spatiotemporal models and accounting for sampling bias. 
Since the 1960s, more than 70% of investigated plant species showed declines in na-
tionwide occurrence. Archaeophytes (species introduced before 1492) most strongly 
declined but also native plant species experienced severe declines. In contrast, neo-
phytes (species introduced after 1492) increased in their nationwide occurrence but 
not homogeneously throughout the country. Our analysis suggests that the strong-
est declines in native species already happened in the 1960s–1980s, a time frame 
in which often few data exist. Increases in neophytic species were strongest in the 
1990s and 2010s. Overall, the increase in neophytes did not compensate for the loss 
of other species, resulting in a decrease in mean grid cell species richness of −1.9% 
per decade. The decline in plant biodiversity is a widespread phenomenon occurring 
in different habitats and geographic regions. It is likely that this decline has major re-
percussions on ecosystem functioning and overall biodiversity, potentially with cas-
cading effects across trophic levels. The approach used in this study is transferable 
to other large-scale trend analyses using heterogeneous occurrence data.
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effects on ecosystem functioning (Hejda & de Bello, 2013) and the 
provision of ecosystem services relied on by humans (Guo et al., 2010).

An increasing amount of studies focus on trends in plant bio-
diversity at global (e.g., Feeley et al., 2020; Gonzalez et al., 2016; 
Vellend et al., 2013; Winter et al., 2009), regional, and trans-regional 
scales (e.g., Bruelheide et al., 2020; Finderup Nielsen et al., 2019; 
Jandt et al., 2011; Jansen et al., 2020; Staude et al., 2020) and at 
small scales, for example, on the plot level (e.g., Diekmann et al., 
2014; Hüllbusch et al., 2016). However, these studies do not show 
consistent trends in species richness, with findings of increases 
(Finderup Nielsen et al., 2019) and decreases (Meyer et al., 2013) and 
also of no net change (Vellend et al., 2013). Further, some studies 
on local biodiversity change have been criticized due to limitations 
of the underlying data (Cardinale, 2014; Pandolfi & Lovelock, 2014). 
A widespread problem in many datasets is limited spatial sampling, 
and often under-sampling of locations where change might have 
been the greatest. Moreover, many studies are based on short bio-
diversity time series that postdate time periods when important 
environmental changes have occurred, leading to underestimates of 
biodiversity change (Gonzalez et al., 2016). In addition, it has been 
noted that trends in species richness may also differ between native 
and non-native species (Cardinale et al., 2018). As pointed out by Sax 
and Gaines (2003), net gains or losses of native species in large study 
regions can be balanced or even overcompensated by the introduc-
tion of non-native species. For example, in a study on the flora of 
Denmark, Finderup Nielsen et al. (2019) reported an increased nat-
uralization and subsequent spread in exotic species and increases in 
widespread native species, but reported declines in rare natives over 
the last 140 years. In total, this led to a net gain in species richness 
in the studied regions while species communities became more ho-
mogeneous across the study regions. A study by Winter et al. (2009) 
showed similar results on the European scale. A focus only on total 
species richness may lead to the conclusion that biodiversity in a 
region remains stable, whereas it is actually experiencing turnover 
in species composition. This turnover may drastically alter the floris-
tic composition in a study region—and potentially affect ecosystem 
functioning and stability (Naeem et al., 2012).

Analysis of floristic changes at large scales is challenged by 
the lack of repeated surveys of large regions (Walker & Preston, 
2006; but see Switzerland and the UK, Hintermann et al., 2000, 
Wood et al., 2017). Typically, species-level changes at large scales, 
such as national or global levels, are assessed via red lists as well as 
during structured monitoring projects. Data for the more common, 
non-threatened, or non-iconic taxa are mostly recorded through 
individual atlas projects that do not aim at repeated recording (but 
see Blockeel et al., 2014). Consequently, the different kinds of data 
on plant occurrences for large regions, for example, countries or 
continents may come with different protocols and methods for 
data collection or study focus. This often leads to heterogeneous 
data quality and structures, hampering the analysis of such data for 
temporal trends. Therefore, the integration of spatially and taxo-
nomically comprehensive data across different sources of informa-
tion—often including citizen science data—has become increasingly 

relevant for the assessment of biodiversity change across larger spa-
tiotemporal scales (Isaac et al., 2014, 2020; Zipkin et al., 2019).

In Germany, the majority of knowledge on changes in plant biodi-
versity comes from plant community resurvey studies of (semi)perma-
nent relevés. Conclusions are mixed, showing strong (Wesche et al., 
2012), little (e.g., Jensen et al., 2012), or no significant changes in local 
species richness (e.g., Bruelheide, 1998; Diekmann et al., 2014; Litza & 
Diekmann, 2017), depending on the investigated habitats, landscapes, 
species groups, plot sizes, or the temporal extent of the study. Most 
studies report that declines in species richness and changes in commu-
nity composition are strongest in agricultural landscape (e.g., Meyer 
et al., 2013; Meyer, Bergmeier, et al., 2015; Meyer, Wesche, et al., 
2015). However, plot-level analyses may not allow for a straightfor-
ward extrapolation to larger scales due to several biases, for example, 
in the spatial (i.e., habitat) representativeness of the plots or local dif-
ferences in disturbances or management (Cardinale et al., 2018; Sperle 
& Bruelheide, 2020). Ignoring the local, and potentially spatially biased, 
small-scale patterns may lead to erroneous conclusions on large-scale 
net changes in biodiversity (Cardinale et al., 2018; Gonzalez et al., 
2016; Sax & Gaines, 2003). Moreover, to understand changes in large-
scale biodiversity, it is crucial to evaluate as many species as possible.

Germany, organized in 16 federal states, offers a good example to 
demonstrate how heterogeneous datasets on plant biodiversity can 
be combined and analyzed to detect changes in large-scale species 
distributions and, subsequently, species richness. Each federal state 
has carried out at least one floristic atlas survey (Bergmeier, 1992) 
followed by other survey projects, but protocols, time frames, and 
predefined species lists at least for the latter varied in and across 
states. Although the atlas surveys have not been systematically re-
peated, several local and often taxonomically less comprehensive 
surveys exist across Germany. The combination of these data has 
led to publication of the German Atlas of Vascular Plants (Netzwerk 
Phytodiversität Deutschland & Bundesamt für Naturschutz, 2013). 
However, as the underlying data often show spatial and temporal in-
consistencies in the sampling coverage of subregions within the com-
plete study region, detection of changes in biodiversity over time can 
be very challenging (Hill, 2012; Pescott, Powney, et al., 2019).

Relevé data on the plot level are available from research institutes, 
universities, online databases (e.g., German Vegetation Reference 
Database [GVRD], Jandt & Bruelheide, 2012; or veget​web.de, Jansen 
et al., 2015), and private collections. These data mostly have accurate 
geographic information, are restricted in size (one to a few square me-
ters) and often lack temporal replication and are thus often not suit-
able for large-scale temporal trend analyses on their own (Chytrý et al., 
2014). Compiling and integrating different datasets (atlas, relevé and 
observational data from private observations, excursions, museum re-
cords, mobile apps, and from spatially referenced legacy collections) 
in a common analysis—and thus making use of the merits of each of 
these data types—may allow to quantify long-term changes of plant 
species distributions on large spatial and temporal scales, potentially 
also at a fine spatial grain. Meanwhile, modern statistical tools allow 
to incorporate different data types from different sources in robust 
analyses while accounting for their heterogeneity (Isaac et al., 2014).

http://vegetweb.de
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In the present study, we compiled an extensive dataset of the spa-
tiotemporal occurrence of vascular plants in Germany. The dataset was 
collated from multiple sources on plant occurrence records and vege-
tation surveys in Germany, varying in taxonomic extent and sampling 
effort. After accounting for incomplete species recording across space 
and time, we (a) assess spatiotemporal changes in the occurrence of 
2136 species on a 5 × 5 km grid cell basis; and (b) assess the balance 
between winners and losers. We (c) explore the temporal dynamics of 
these changes based on floristic status (natives vs. non-natives). Using 
spatiotemporal models, we (d) assess changes in mean grid cell spe-
cies richness across the whole nation, accounting for spatiotemporal 
dependence in the data. Moreover, we (e) explore the spatial heteroge-
neity in the patterns of changes in grid cell species richness over the last 
six decades and identify the hotspots of biodiversity turnover.

2  |  MATERIAL S AND METHODS

We developed a workflow to harmonize the available data into a com-
mon format, taxonomically and spatially (Supporting Information; 
Figure S1). We accounted for the potential effects of imperfect de-
tection, using the Frescalo algorithm (FREquency SCAling using Local 
Occupancy; Hill, 2012), which is provided in the R package “sparta” 
(August et al., 2015; v. 0.1.48). This algorithm has been specifically 
developed for repeated, large-scale surveys, such as atlases, and com-
putes species occurrence probabilities (OPs) across periods of data 
availability on a defined grid size. Pescott, Humphrey, et al. (2019, p. 
264ff) explain how slightly different widths of these periods should 
have no strong influence on the output of the Frescalo algorithm, given 
that these periods are selected with care (see Supporting Information 
as well as Hill, 2012 or Pescott, Humphrey, et al., 2019 for some de-
tails on criteria). However, the current version (v. 0.1.48) of the “sparta” 
package does not account for possible temporal dependencies in the 
data. To this end, we further demonstrate the use of new approaches 
to account for temporal (and also spatiotemporal) autocorrelation in 
the data, thus enabling more reliable analyses of changes in species 
occurrences and richness across space and time.

2.1  |  Data compilation and taxonomic 
harmonization

We compiled an extensive dataset of nearly 29 million occurrence 
records in Germany between 1960 and 2017 from 23 different data 
sources (Supporting Information; Table S1). The full dataset com-
prises the unaggregated data underlying the German Distribution 
Atlas of Ferns and Flowering Plants (Netzwerk Phytodiversität 
Deutschland & Bundesamt für Naturschutz, 2013), restricted to 
observations between 1960 and 2013. This dataset—called the 
FlorKart dataset (Bundesamt für Naturschutz; https://www.bfn.de/
theme​n/arten​schut​z/erfas​sung-und-karti​erung/​flore​nkart​ierung.
html)—is a compilation of occurrence records gathered from, inter 
alia, the Floristic Atlases of Western and Eastern Germany (Benkert 

et al., 1996; Haeupler & Schönfelder, 1989) and floristic data ex-
tracted from 74 mapping projects. We extended this dataset to the 
year 2017 by integrating data from more recent habitat mapping 
projects of federal states, vegetation relevés provided in two major 
German databases, GVRD (Jandt & Bruelheide, 2012) and vegetweb 
2.0 (Jansen et al., 2015) and from universities and private collec-
tions. For all datasets, observations were georeferenced on a grid 
cell level (a quadrant of German ordinance maps, “MTBQ,” approxi-
mately 5 × 5 km). In all spatially explicit analyses, central coordinates 
of each grid cell (in UTM, EPSG 4326) were used as sampling loca-
tions (Zuur & Ieno, 2017).

Taxa were harmonized using a common taxonomic reference 
list (GermanSL; Jansen & Dengler, 2008; version 1.4; https://
germa​nsl.infin​itena​ture.org/). Data on subspecies, varieties etc. 
were aggregated to the species or, if necessary, to the aggregate 
level. For simplicity, we will refer to these as "species" in the fol-
lowing. Taxonomic harmonization was achieved using the R pack-
age "vegdata" (Jansen & Dengler, 2010). This resulted in data on 
the occurrence of 2976 vascular plant taxa, equaling 77% of all 
German vascular plant taxa (4305 taxa, including subspecies and 
varieties or 3868 taxa when raised to the taxonomic level used 
in this study). For analyzing trends, the dataset was binned into 
three periods (1960–1987, 1988–1996, and 1997–2017), each of 
them with similar number of total records and covering all 12,024 
German grid cells. The temporal extent of these periods was deter-
mined by the need to find periods of similar coverage (spatial and 
taxonomically) of the whole nation (see Supporting Information; 
Technical details). We excluded species that were recorded in only 
one of the three periods or had fewer than 23 records in total (i.e., 
the 10% quantile of species frequency distribution data). Most of 
the excluded species were below this minimum threshold of re-
cords (308 species), and most of these were rated as either “not 
endangered” (91 species) or “very rare” (48 species) in the most re-
cent German Red List of Endangered Plants (Metzing et al., 2018). 
In general, most plant species listed in one of the threat catego-
ries of the German Red List (aside from species rated as “extinct 
or lost”) were included in the present study (Table S2). Species 
were characterized according to their floristic status either as 
natives, archaeophytes (non-natives introduced before 1492) or 
as neophytes (non-natives introduced after 1492), using informa-
tion available from the database BiolFlor (Kühn et al., 2004) and 
FloraWeb (Bundesamt für Naturschutz; http://www.flora​web.
de/). Species with an unknown floristic status were excluded (see 
species-level details in Supporting Information; Table S2). This left 
us with a total of 2234 species for analysis, equaling 58% of all 
vascular plant species known from Germany (harmonized to the 
taxonomic level of the present analysis).

2.2  |  Correction for false absences

The majority of the data originated from grid-based occurrence-
only records (approximately 95%, Supporting Information; Table 

https://www.bfn.de/themen/artenschutz/erfassung-und-kartierung/florenkartierung.html
https://www.bfn.de/themen/artenschutz/erfassung-und-kartierung/florenkartierung.html
https://www.bfn.de/themen/artenschutz/erfassung-und-kartierung/florenkartierung.html
https://germansl.infinitenature.org/
https://germansl.infinitenature.org/
http://www.floraweb.de/
http://www.floraweb.de/
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S1). In cases where occurrence records do not originate from a 
project focusing on the complete floristic inventory or do not use 
complete checklists, false absences (i.e., not reporting a species 
that was present, but was either not detected or detected but not 
reported) may be an issue (Pescott et al., 2018). In addition, atlas 
projects, which aim at taxonomic completeness may not be finished 
in a federal state completely within one of the defined study pe-
riods, leading to taxonomic or spatial gaps in the data of a single 
study period. To correct for this so-called reporting bias, we used 
the Frescalo algorithm (Hill, 2012; see also Bijlsma, 2013; Blockeel 
et al., 2014; Fox et al., 2014; White et al., 2019) available in the R 
package “sparta” (August et al., 2015; v. 0.1.48). Briefly, the Frescalo 
algorithm calculates the OP of a species not detected or reported in 
a focal grid cell, based on the frequency of this species in the local 
neighborhood (here: 100 grid cells) of this cell while accounting for 
the ecological similarity of the neighborhood (Hill, 2012). Ecological 
similarity of the neighboring grid cells was calculated based on a 
set of 76 variables, comprising climatic, topographic, and edaphic 
measures. A detailed description of the specifications and consider-
ations that are necessary when preparing data for an analysis using 
the Frescalo algorithm is given in Electronic appendix (Technical 
details; but also see Bijlsma, 2013; Hill, 2012). Correction for false 
absences increased the dataset to more than 41 million entries of 
OPs per species and grid cell between 1960 and 2017.

2.3  |  Calculation of species-specific occurrence 
across space and time

Maps of the spatial distribution of occurrence estimates of a given spe-
cies across the study region at a given period are not a direct outcome 
of the Frescalo algorithm as available in “sparta” (v. 0.1.48). However, 
the spatial distribution of the probability of a species being present at 
the focal grid cell of neighborhood in a certain period can be readily 
calculated from the available output using Equation 1 (cf. Bijlsma, 2013):

Where OPjt is the occurrence probability of a species in the focal 
grid cell j of the respective neighborhood at time t; sjt is the sampling 
intensity (a measure of sampling completeness calculated by the 
Frescalo algorithm) for grid cell j at time step t, fj is the estimated fre-
quency of the respective species in neighborhood j after rescaling, 
and tfactt is the time factor (the estimated relative frequency of the 
respective species; a parameter derived by the Frescalo algorithm) 
at time period t. OPjt was calculated for each species, separately. All 
variables are given in the Frescalo output file provided in R (for the 
respective R-Script see Supporting Information).

To account for uncertainty in the Frescalo estimates, calculations 
of species-specific occurrence probability OPjt were based on 1000 
realizations of µt (sampled from a species-specific normal distribu-
tion with mean µt and σt, cf. Equation 1). For each species and each 

realization, we calculated the nationwide occurrence of a species as 
the sum of all OPs of a species (SOPSpec) across Germany for each 
period according to Equation 2:

Where Spec represents species under consideration, j is the index of 
grid cell, t is the index of time period (i.e., 1 = 1960–1987; 2 = 1988–
1996; 3  =  1997–2017), and OPSpecjt is the occurrence probability of 
species in grid cell j at time t (Equation 1).

2.4  |  Calculation of grid cell species richness

We summed up the OPs of all species within a grid cell as an esti-
mate of species richness (SOPGrid), while acknowledging that it is not 
species richness per se, since our analysis does not include the very 
rare species (see Sections 2.1, 2.2 and 4). Hence, our species rich-
ness values are most likely underestimating actual grid cell species 
richness. However, SOPGrid was found to be significantly correlated 
(r = 0.39, p < 0.001; Supporting Information; Figure S2) to species 
numbers in grid cells of the FlorKart dataset (cf. Section 2.1) that 
Kühn et al. (2006) identified to be well-sampled. Therefore, changes 
in SOPGrid can be interpreted as meaningfully representing relative 
changes between grid cells and time periods.

Where l is the index of the species and OPlt
 is the OP of this species l in 

a grid cell at time period t (as derived from Equation 1).

2.5  |  Changes in species-specific occurrence

Changes in species-specific occurrences over time were evaluated 
at the species level, using a Bayesian log-linear mixed effects model 
and including a random walk of order 1 (“rw1”) to account for tem-
poral dependency. These specifications ensured that changes are 
bounded to −100% at the lower end, but not at the upper end.

Model 1: Estimation of changes in species-specific occupancy 
over time according to a random walk component of order 1. Here, 
µt−1 is the estimated occurrence of the species for the preceding 
time period.

Of the total of 2234, 2206 species were found to have significant 
changes (for a definition of “significant,” see below). A critical inspec-
tion showed that 102 species exhibited extreme trends (i.e., above 
or below the 95% quantile range of change). These extreme changes 

(1)OPjt = 1 − e− (− ln(1− sjt ∗ fj) ∗ tfactt),

in which tfactt ∼ N
(
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were discussed in depth with taxon experts, and those considered to 
be unrealistic trends (70 species) were omitted from further analy-
ses (cf. Supporting Information; Table S3).

2.6  |  Changes in mean grid cell species richness

To analyze changes in nationwide mean grid cell species richness, 
we ran spatiotemporally explicit models, based on gamma distribu-
tions (residuals were clumped in time and space for the log-normal 
case). To account for temporal dependencies, we included a tempo-
ral correlation structure with a random walk of order 1. Moreover, 
we accounted for temporal autocorrelation in the spatial structure 
with an autoregressive component of order 1 (cf. Model 2). For 
technical details on the configuration of the spatial component (in-
cluding priors), see Supporting Information (Technical details).

Model 2: Estimation of changes in mean grid cell species rich-
ness. The spatial component (vjt) is correlated across time with 
parameter ρ and connected to a spatial variable (uj), according to 
a Gaussian Markovian Random Field with mean 0 and the covari-
ance matrix of the grid cells (ψ). ψ is determined by the stochas-
tic partial differential equation approach introduced by Lindgren 
et al. (2011).

For computational reasons, analyses of spatiotemporal changes 
were only based on the mean OPs of the 1000 realizations per 
species, grid cell, and time (cf. Section 2.3). We analyzed changes 
within species assemblages for each floristic status and across all 
species. Model predictions were used to visualize the spatiotempo-
ral variability in changes of species richness. Based on these values, 
we defined hotspots in biodiversity change as the lower and upper 
10th percentile of relative changes of a grid cell between the last 
and first study period. Spatial correlations among these hotspots 
were assessed using a modified F-test, accounting for the spatial 
structure in the data; post-hoc pairwise comparisons were based on 
Bonferroni–Holm corrected pairwise modified t-tests. Both routines 
are available from the R package “SpatialPack” (Vallejos et al., 2018).

For all model parameters, we used penalized complexity priors 
(Simpson et al., 2017) with a scaling parameter U = 1 and α = 0.5, en-
suring an uninformative prior expectation for all model hyperparam-
eters. All statistical analyses were carried out in R (R Development 
Core Team, version 3.5.2) using the package "INLA" (Rue & Martino, 
2009; version 18.07.12), except the assessment of correlations be-
tween hotspots. Model residuals were visually checked for normal-
ity; for model evaluation, see Supporting Information (Technical 
details). In all analyses, effects were interpreted as statistically 
meaningful if the 95% CI of the (differences in) the estimated pos-
teriors of the predictor did not overlap with zero. For brevity, this 
is termed “significant” hereafter, although within a Bayesian frame-
work, the appropriateness of this word is debatable.

3  |  RESULTS

3.1  |  Changes in species-specific occurrences

Figure 1 shows the relative differences in species occurrences be-
tween the first (1960–1987) and the last (1997–2017) study period. 
Of all 2136 species (i.e., 2206 minus those 70 species with unrealistic 

SOPGridt
∼ Gamma

(

�jt, �
)

,

E
(

SOPGridt

)

= �t ∧ var
(

SOPGridt

)

=
�t

�t
,

log
(

�t
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= Intercept + �t− 1 + vjt + �t,

with vjt = � ∗ �t− 1 + uj ;
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(

0, �2
t

)

and uj ∼ GMRF (0, �) .

F I G U R E  1  Change in occurrence 
in percent between 1960–1987 and 
1995–2017. X-axis shows species names. 
Winners are shown in green and losers 
are depicted in red. For details in changes 
of species occupancy over time, see 
Supporting Information; Table S3. For 
increased visibility of species names, see 
https://shiny.idiv.de/de25g​eka/Winne​
rsLos​ers/

https://shiny.idiv.de/de25geka/WinnersLosers/
https://shiny.idiv.de/de25geka/WinnersLosers/
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trends, see Section 2.5), 1526 species (approximately 71%) showed 
a decrease and 610 species (approximately 29%) an increase in oc-
currence. Across all species, median changes were −14.9% (lower 
quartile  =  −33.9%; upper quartile  =  2.4%; see also Figure S3). 
Mean changes in occurrences of decreasing species were −28.3% 
(±19.8%, n = 1526) while changes in occurrences of the increasing 
species were +71.6% (±113.7%, n = 610). None of the studied spe-
cies showed a decline of −100%, that is, went extinct in Germany. A 
detailed list of the winners and losers in occupancy for all three time 
steps is given in Table S3 and in an interactive plot (https://shiny.idiv.
de/de25g​eka/Winne​rsLos​ers/).

The species with strongest decline in mean OP (−99.8%) was 
Anagallis tenella L., an endangered native species of nutrient-poor fens 
and transition mires in Germany. In contrast, the neophyte Senecio in-
aequidens DC., showed the strongest increase (+696%; Figure 2).

3.2  |  Changes in occurrences of floristic 
status groups

We found significant changes in mean occurrence among all grid cells 
in Germany for all floristic status groups (Table 1). Across all species, 
we found a total decline of −10.8% over the last six decades, with 
strongest losses occurring between the first (1960–1987) and the sec-
ond (1988–1996) study period. While natives and archaeophytes de-
creased over the whole study period, neophytes showed an increase 
in mean occurrence. Native species and archaeophytes showed most 
change between the first and second periods. Among the floristic sta-
tus groups, archaeophytes showed the strongest decrease across the 
whole study period (−21.6%). While losses were strongest between 
the first and second period, changes between the second (1988−1996) 
and third period (1997–2017) were marginally insignificant, that is, 
their 95% CIs overlapped with 0, their 90% CIs did not. There was a 

F I G U R E  2  Occurrence probability estimates for the three study 
periods on a 5 × 5 km grid. Top: the endangered native species 
Anagallis tenella L. Bottom: the neophyte Senecio inaequidens DC. 
Gray areas are outside of the range supported by the Frescalo 
algorithm TA
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tendency of mean occurrence in archaeophytes to further decrease 
also in the last observation period. In contrast, neophytes showed in-
creases in occurrence of +23.3% over the whole study period, with 
strongest increases between the second and third period. While the 
increase in neophytes compensated for the losses in natives and ar-
chaeophytes from the second to the third period, overall, the increase 
in neophytes did not level-off the decreases across the full study pe-
riod (Table 1).

3.3  |  Changes in mean grid cell species richness

We detected changes in the estimates of mean grid cell species 
richness in all floristic status groups as well as across all species 
(Figure 3). While natives and archaeophytes showed consistent 
declines in mean grid cell species richness over the whole study 
period, neophyte species richness showed only slight increases 
between periods two and three (i.e., 1988–1996 vs. 1997–2017). 
Losses were strongest for archaeophytes (−19.3%). As for changes 
in mean nationwide occurrence, increases in mean grid cell neo-
phyte richness did not counterbalance the decreases in the other 
floristic status groups, causing a net decrease of −1.9% in mean 
grid cell species richness per decade across all species. Overall, 
the species richness trends were similar to mean species occur-
rence trends.

3.4  |  Spatial patterns of species richness change

While the relative changes in grid cell species richness of ar-
chaeophytes and neophytes showed strong spatial heterogeneity, 
changes in native species richness were more uniform, with con-
sistent declines in all grid cells (Figure 4; Supporting Information; 
Table S4). Archaeophytes were also consistently declining but the 
magnitude of the decline was more variable, reaching the larg-
est declines out of all floristic status groups in some grid cells. 

Neophyte changes were most spatially variable and included the 
regions of both decrease (especially in the northeast) and increase 
(especially in some southern regions). As for changes in occur-
rence, changes in species richness of archaeophytes and natives 
were strongest from the first to the second period, whereas for 
neophytes they were strongest between the second and third. 
The spatial patterns of changes across all species closely fol-
lowed those of natives (the most speciose floristic status group). 
Therefore, we will omit maps on the spatial patterns across all 
species from the following. For species richness estimates and 
absolute changes, see Electronic appendix (Figures S3 and S4, re-
spectively; see also interactive maps: https://shiny.idiv.de/de25g​
eka/PCHM/). While losses in archaeophyte species richness from 
the first to the second study period were almost evenly spread 
throughout the country, there are regions with lower changes 
in archaeophyte diversity between the second and third period 
(Figure 4).

Hotspots of changes in species richness across the full study pe-
riod are shown in Figure 5. Since we did not detect any grid cells 
with increases in species richness for natives and archaeophytes, 
hotspots of increases are only shown for neophytes. We were able 
to identify 10 distinct regions (Figure 5, regions numbered from 
north to south), of which some are spatially congruent for two or 
even all three floristic status groups, while direction and magnitude 
may differ in space and/or time. The overlap of grid cells in hotspots 
of change was low for natives vs. archaeophytes (4.3%) and archae-
ophytes vs. neophytes (8.5%), but higher for natives vs. neophytes 
(24.6%, mostly in the coastal regions, Regions 1 and 3, Figure 5). 
Directions and strength in hotspots of species richness change were 
not spatially correlated across the floristic status groups (F = 0.69, 
df = 2 and 0.71, p = 0.68). We found strong declines in species rich-
ness of natives and neophytes along the coast (Regions 1 and 3). 
Native species richness also declined in the far east of Germany 
(Region 5) and the south (Regions 9 and 10). Regions of the stron-
gest declines in archaeophytes were found in the southwestern 
parts of Germany (Region 6, but also 7 and 9) and in the northwest 

F I G U R E  3  Changes in German-wide 
mean grid cell species richness (SOPGrid) 
across the three periods. Numbers in 
subplot headers indicate the numbers 
of species included in the respective 
floristic status group. Letters a, b, 
and c indicate significant differences 
based on the temporal component in 
Model 2, accounting for spatiotemporal 
dependencies in the data

https://shiny.idiv.de/de25geka/PCHM/
https://shiny.idiv.de/de25geka/PCHM/
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(Regions 3 and 4). Neophytes increased particularly strong in the 
southern half of Germany (Regions 6–8), but also in more northern 
parts (around Hamburg, Region 2). Regions with losses in natives do 
not match with regions with gains in neophytes; similarly, hotspots 
of archaeophyte losses do not necessarily match those of neophyte 
gains (except Regions 6 and 7).

4  |  DISCUSSION

Based on the collation of the largest databases on plant occurrence 
records in Germany to date, and correcting for reporting bias, we 
found significant declines in the German-wide occurrence of 71% 
of all investigated vascular plant species over the last six decades. 

F I G U R E  4  Relative changes in grid 
cell species richness and their spatial 
variability across the three study 
periods. Decreases are shown in blue, 
and increases are shown in yellow to 
purple. Dotted lines demark federal state 
boundaries

F I G U R E  5  Hotspots of species richness change between 1960–1987 and 1997–2017. Hotspots are defined as the lower and—in the 
case of neophytes—upper 10th percentile of changes. Numbers depict geographical regions that can be roughly identified as (1) Schleswig-
Holsteinische Geest and Wadden Sea; (2) Hamburg and Elbe Estuary; (3) Mecklenburg Large Lake District; (4) Liberose terminal moraine 
region; (5) Upper Lusatia; (6) Saarland and Hunsrück/Eifel region; (7) Main-Spessart and Middle Franconia; (8) Unterbayerisches Hügelland; 
(9) Alpine foothills, and (10) Lake Constance Region; Dotted lines demark the state boundaries. For interactive maps, see https://shiny.idiv.
de/de25g​eka/PCHM/

https://shiny.idiv.de/de25geka/PCHM/
https://shiny.idiv.de/de25geka/PCHM/
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A much lower proportion (29%) of species showed increases in na-
tionwide OPs. The increases in neophyte occurrence and species 
richness did not compensate for nationwide losses of other spe-
cies, which led to a significant decrease of approximately −2% in 
mean species occurrence as well as mean grid cell species richness 
in Germany over the last six decades; temporal and spatiotemporal 
dynamics differed between floristic status groups. We provide evi-
dence that the majority of plant species in Germany shows a decline 
in occurrence and that decreases in plant species diversity are wide-
spread across most regions throughout Germany.

The present study overcomes some of the main critiques on 
large-scale studies of biodiversity change summarized by Cardinale 
et al. (2018). The spatial representation of our data is not restricted 
to certain plots or locations in Germany that may cause a spatial bias 
toward certain regions or habitat types. In fact, our data cover all 
5 × 5 km German grid cells. Moreover, since our analysis does not 
treat datasets independently but as an amalgam of different sources, 
underlying biases in the potential drivers of certain datasets (e.g., 
some vegetation relevés may have originated from success control 
of restoration projects) are reduced by combining these data with, 
for example, grid mapping for atlases that do not include such bi-
ases. Moreover, our study differentiates between changes in natives 
vs. non-natives and we account for spatiotemporal dependencies, 
allowing for spatiotemporally explicit analyses.

4.1  |  Species-specific changes in occurrence

With 55% of all vascular plant species in Germany (2136 out of 
3868 taxa, data assigned to the harmonized taxonomy; the com-
plete flora of Germany comprises a total of 4305 taxa, including 
subspecies and varieties; Metzing et al., 2018), our study covers a 
major part of the German flora. Most of the species omitted from 
this study occurred only in a single time period or were very rare, 
with less than 23 observations (cf. Table S2). Thus, our analysis in-
cluded most of the rare, moderately common and common species, 
except some Oenothera, Taraxacum, and Rubus species groups, due 
to unstable taxonomical concepts. The study did not comprise very 
rare plant species, those that have gone extinct before 1987 or 
those that entered the German flora after 1996. A study by Lennon 
et al. (2004) demonstrated that, although rare species can consti-
tute a major part of the species pool in a region, spatial structures 
of species richness are typically dominated by the more common 
species. Therefore, the detected temporal and spatiotemporal pat-
terns can be assumed to be reliable estimates for change in species 
richness. Moreover, our approach is rather conservative in terms 
of species presence: a species that is absent from a grid cell in our 
original dataset, but detected (even only once) in the neighbor-
hood of the respective grid cell causes the OP in the respective 
grid cell to be greater than zero, instead of it being rated as absent. 
However, although we did everything to ameliorate biases due to 
differences in local recording effort in our data and accounted for 
spatiotemporal biases, we cannot rule out the possibility that our 

data still contain some artifacts. Indeed, we find some visible pat-
terns of grid cell species richness that are well known to German 
botanic specialists. It is for example not clear whether the low 
numbers of archaeophytes in the federal state of Brandenburg 
(northeastern Germany in Figure 4) are due to systematic low sam-
pling effort for archaeophytes in this area, or whether these low 
numbers reflect the reality. However, since our analysis focuses on 
relative changes among grid cells and time steps and includes a spa-
tiotemporal component in the statistical models which correct for 
spatially structured systematic biases, such biases should not have 
large effects on the overall findings. They must, however, be kept 
in mind and should always be critically evaluated, especially if spe-
cific species-level changes are of interest. Nonetheless, our work 
represents a major advance in the investigation of German plant 
diversity, and complements existing German structured monitoring 
schemes that mainly focus on rare, threatened, or invasive species 
(Mitschke et al., 2005). However, we emphasize that close inspec-
tion of individual species trends and discussions with experts is 
crucial before making inferences. Moreover, the species-specific 
results provided in our analyses should be interpreted considering 
the spatial scale of the grid cell level. On the grid cell level, a species 
can only be rated as absent after the last individual in a grid cell has 
gone extinct (Chase et al., 2019). Thus, the results of our analyses 
refer to occurrence, and not abundance. For example, the species 
with the strongest decline of −99.9% (A. tenella), indicating a near-
extinction, has been recognized as “threatened with extinction” (RL 
1) in the German Red List of 1996 (Korneck et al., 1996) but has 
been changed to “endangered” (RL 2) in 2018 (Metzing et al., 2018). 
While there are only three remnant occurrences of this plant spe-
cies (shown in Figure 2) that have been decreasing in size in the last 
decades, populations within these remnants have stabilized due 
to nature protection measures (Metzing et al., 2018; Raabe et al., 
2012). By contrast, the species with the most extreme increase, S. 
inaequidens, has been recognized to be expanding since the early 
1960s (Heger & Böhmer, 2005), mainly along the railway and road 
network. Our approach can identify such large-scale changes, but 
it cannot replace specialized, local-scale investigations such as 
population-based studies, for example, for red list assessments.

An increased number of endangered plant species in Germany 
has recently been reported in the German Red List of Endangered 
Plants (Metzing et al., 2018). Our results report an even higher 
total number of species in decline. However, methods between the 
analysis approach demonstrated here and those of the red lists dif-
fer. Therefore, results cannot be directly compared. Many of spe-
cies found to be in decline in our study are common species. This 
is congruent to the England vascular plant Red List (Stroh et al., 
2014) which also used Frescalo and which led to the change in the 
threat level of many common species. Likewise, a study in north-east 
Germany reported that approximately 60% of the 355 studied spe-
cies were declining and that moderately common species declined 
strongest (Jansen et al., 2020). Similarly, in northwestern Germany, 
Bruelheide et al. (2020) reported significant declines for a large num-
ber of plant species, mainly herbs.
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4.2  |  Changes in occurrences of floristic status 
groups and their spatial patterns

The general loss in species richness across all species was domi-
nated by the declines among native species, which is the most spe-
ciose group. We were able to show that the patterns of change do 
not only vary according to floristic status, but also in spatial and tem-
poral patterns. An investigation of the causal relationships between 
large-scale measures and potential drivers was not in the scope of the 
present study. However, we can discuss the spatial patterns, espe-
cially the hotspots of change, with respect to knowledge from local, 
small-scale studies. For example, in the German coastline regions (also 
Region 1 in Figure 5), a number of coastal macrophytes, for exam-
ple, × Calammophila baltica (Schrad.) Brand. and Leymus arenarius (L.) 
Hochst., two coastal grass species, were predicted to decline in climate 
envelope models for the German coastal regions due to climate warm-
ing (Metzing, 2010). Likewise, Kastler and Michaelis (1999) and Eggert 
et al. (2006) reported that Zostera marina L. and Z. noltei Hornem., two 
submerse seagrasses, are declining due to increased sea temperatures, 
salinity, and eutrophication in the Wadden Sea. A study on the scale 
of the northeastern federal state of Mecklenburg-Western Pomerania 
by Jansen et al. (2020) found also other typical coastal species such as 
Salsola kali L. or Triglochin maritimum L. declining between 1980 and 
2000, probably due to hampered coastal dynamics and reduced graz-
ing of coastal grasslands. All mentioned species show declines in oc-
currence also in our analysis, indicating that the findings of the more 
local studies hold also on larger scales (Table S3).

The decline in the occurrence of archaeophytes shown in our 
study has also been reported from small-scale studies, and was often 
explained by an increase in land-use intensification (Baessler & Klotz, 
2006; Comin & Poldini, 2009; Knapp et al., 2010; Leuschner et al., 
2013; Meyer, Bergmeier, et al., 2015; Meyer, Wesch, et al., 2015). A 
study by Baessler and Klotz (2006) demonstrated that arable weeds 
decreased in intensively used arable fields, whereas opportunistic 
ruderal species strongly increased in species richness. Our data do 
not allow to assess causal relations between large-scale agricultural 
land use and biodiversity change. For future research it would be 
worthwhile to investigate these connections.

Anthropogenic influences have been shown to be not always 
detrimental for local biodiversity in general: archaeophytes arrived 
in Central Europe only because of human influence, neophytes have 
been reported to profit from urbanization (Knapp et al., 2010; Kühn 
& Klotz, 2006) and human trade and transport (Rejmánek et al., 
2005). In addition, several studies have shown that estuaries may 
especially be prone to the establishment of non-native species for 
various reasons (e.g., Wolff, 1999). For example, as demonstrated for 
the Elbe estuary, rivers may sediment excess nutrients there and the 
brackish water habitats often show the greatest “indigenous spe-
cies minimum,” so that more alien species can potentially establish 
(Nehring, 2006). In support for this, we detected strong increases 
in neophyte species richness around the city of Hamburg and the 
Elbe estuary (Region 2), which has the biggest German harbor, with 
strong international trade.

The area with strongest increases in neophyte species richness 
in the present study (Region 8, Figure 5) has been reported as a 
region of strong increases in the establishment and expansion of 
neophytes from the climatically mild Danube plains in a local-scale 
study by Sompek et al. (2017). The authors claim that this increased 
expansion is due to an increase in habitat suitability caused by cli-
mate change. Many neophytes are known to rapidly colonize newly 
available habitats, using mild valley refuges as a starting point for 
expansion (Rejmánek et al., 2005). Our spatial maps of changes in 
grid cell species richness confirm this spread and also show that the 
expansion of neophytes is widespread. Similarly, a study in the na-
ture reserve in the northern part of the upper Rhine valley (close 
to Region 6) conducted by Vor and Schmidt (2008) reported an in-
crease in neophyte species richness compared to atlas data from 
1993 (Lang & Wolff, 1993). Based on our maps, we can show that 
this increase in neophytes is more widespread than the upper Rhine 
valley alone.

While acknowledging that our study cannot give empirical evi-
dence for causal relationships, we conclude that the spatiotempo-
ral patterns of change in the national plant biodiversity are highly 
variable, which is evidence for a complex interplay of drivers of bio-
diversity change. As demonstrated by the comparatively low level 
of spatial congruence in the detected hotspots of species richness 
and the lack of correlation between the hotspots of species richness 
change among the different floristic status groups, these factors act 
locally, and affect different species in different ways. Nevertheless, 
the fact that on the national level, net plant species richness is de-
clining so pre-dominantly and apparently irreversibly is alarming. 
While our study is focused on Germany, we have no reason to be-
lieve that these changes are only limited to this country. Plants, as 
primary producers, play pivotal roles in ecosystems and changes in 
their biodiversity may cascade throughout the food web and influ-
ence ecosystem functioning across trophic levels (Emmerson et al., 
2016; Schuldt et al., 2018). For example, changes in the floristic com-
position of habitats in north Germany have been shown to result 
in lower potential nectar availability, with probably negative effects 
on pollinating insects (Bruelheide et al., 2020). It is therefore pos-
sible that the detected large-scale changes in plant biodiversity is 
connected to recent insect declines (Hallmann et al., 2017; Seibold 
et al., 2019).

5  |  CONCLUSION

Declines in vascular plant biodiversity are widespread in Germany 
and apparent in more than 70% of plant species studied here. This 
includes approximately 40% of all moderately common to common 
vascular plant species in Germany. Urgent action is needed to halt 
this biodiversity loss. Our approach demonstrates how existing 
large datasets can be combined and used for reliable trend analysis. 
Existing data should also be collated from other states in Europe 
and globally. The data integration and analysis approach used in 
this study is comprehensive and robust to different methodological 
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biases. It can be applied to other large-scale research using hetero-
geneous occurrence data, given it can be harmonized to a common 
fine-scale grid. This makes our approach valuable for other pro-
jects, such as the growing Living Atlas community (Brenton et al., 
2018) and may also help to inform and create new, more collabora-
tive monitoring schemes that integrate knowledge and data from 
different actors in nature protection (e.g., governmental, academi-
cal, and volunteer; Kühl et al., 2020). Such new schemes should also 
include long-term monitoring of common species (see also Pescott 
et al., 2015). Clearly this is an ambitious endeavor, which can only 
be accomplished through joint efforts of a variety of stakeholders 
and should be underpinned with the financial and legislative power 
of (inter)national institutions. However, such approaches must not 
question the need for monitoring projects, which are still neces-
sary and have the potential to identify the drivers of biodiversity 
change.

ACKNOWLEDG EMENTS
We are grateful to the many individuals who were involved in 
gathering the vast amount of data combined in our dataset and 
to those who helped to mobilize the data, especially to those who 
contributed to large data collections like FlorKart and the vegeta-
tion databases. Further, we are grateful to C. Storm, T. Heinken, T. 
Dittmann, V. Wagner, I. Dörfler, J. Reinecke, S. Kühn, T. Naaf, J. Kolk, 
and M. Wulf for the kind contribution of relevé data. We also thank 
Karsten Wesche for the valuable discussion on the most extreme 
species-specific changes. The present study is an outcome of the 
project sMon of the German Centre for Integrative Biodiversity 
Research (iDiv) Halle-Jena-Leipzig, funded by the German Research 
Foundation (DFG-FZT 118, 202548816). Time and effort were sup-
ported by sDiv, the Synthesis Centre of iDiv. sMon is a collaborative 
project between iDiv and the German Federal Agency for Nature 
Conservation (Bundesamt für Naturschutz, BfN), conservation 
agencies of the 16 federal states, natural history societies, natural 
history museums, taxonomic experts, and scientific institutes. We 
acknowledge the competent comments of Brad Cardinale and two 
anonymous reviewers on the previous version of this manuscript. 
Open Access funding enabled and organized by Projekt DEAL. WOA 
Institution: HELMHOLTZ-ZENTRUM FUR UMWELTFORSCHUNG 
UFZ Blended DEAL: ProjektDEAL.

DATA AVAIL ABILIT Y S TATEMENT
The data that support the findings of this study are openly available. 
Species-specific occurrence estimates over time can be found in Table 
S3 (Supporting Information). The OP estimates for each species: grid 
cell: time step combination resulting from the Frescalo algorithm are 
available for download from the iDiv data portal (Eichenberg et al., 
2020; https://doi.org/10.25829/​idiv.1875-8-3136).

ORCID
David Eichenberg   https://orcid.org/0000-0001-5740-5621 
Helge Bruelheide   https://orcid.org/0000-0003-3135-0356 
Marten Winter   https://orcid.org/0000-0002-9593-7300 

R E FE R E N C E S
August, T., Powney, G., Outhwaite, C., Harrower, C., Hill, M., Hatfield, 

J., Mancini, F., & Isaac, N. B. (2015). sparta: Trend Analysis for 
Unstructured Data. R package version 0.1.48.

Baessler, C., & Klotz, S. (2006). Effects of changes in agricultural land-use 
on landscape structure and arable weed vegetation over the last 
50 years. Agriculture, Ecosystems & Environment, 115(1–4), 43–50. 
https://doi.org/10.1016/j.agee.2005.12.007

Benkert, D., Fukarek, F., & Korsch, H. (1996). Verbreitungsatlas der Farn-
und Blutenpflanzen Ostdeutschlands. G. Fischer.

Bergmeier, E. (1992). Grundlagen und Methoden floristischer Kartierung in 
Deutschland: Eine Veröffentlichung der Zentralstelle für die Floristische 
Kartierung in Deutschland. Beiheft (2nd ed.). Goltze.

Bijlsma, R. (2013). The estimation of species richness of Dutch bryo-
phytes between 1900 and 2011 documentation of VBA-procedures 
based on the Frescalo program, 1–44.

Blockeel, T. L., Bosanquet, S. D., Hill, M. O., & Preston, C. D. (2014). Atlas 
of British & Irish bryophytes – Volume 2. Pisces Publications.

Brenton, P., von Gavel, S., Vogel, E., & Lecoq, M.-E. (2018). Technology in-
frastructure for citizen science. In S. Hecker, M. Haklay, A. Bowser, 
Z. Makuch, J. Vogel, & A. Bonn (Eds.), Citizen science – Innovation 
open science, society and policy (pp. 63–80). UCL Press. https://doi.
org/10.14324/​111.97817​87352339

Bruelheide, H. (1998). Grünlandpflege im Harz – Eine Erfolgskontrolle 
nach 7 Jahren. Artenschutzreport, 7, 49–51.

Bruelheide, H., Jansen, F., Jandt, U., Bernhardt-Römermann, M., Bonn, 
A., Bowler, D., Dengler, J., Eichenberg, D., Grescho, V., Harter, D., 
Jugelt, M., Kellner, S., Ludwig, M., Wesche, K., & Lütt, S. (2020). 
Using incomplete floristic monitoring data from habitat mapping 
programmes to detect species trends. Diversity and Distributions, 
26(7), 782–794. https://doi.org/10.1111/ddi.13058

Cardinale, B. (2014). Overlooked local biodiversity loss. Science, 344(6188), 
1098. https://doi.org/10.1126/scien​ce.344.6188.1098-a

Cardinale, B. J., Gonzalez, A., Allington, G. R. H., & Loreau, M. (2018). Is 
local biodiversity declining or not? A summary of the debate over 
analysis of species richness time trends. Biological Conservation, 
219, 175–183. https://doi.org/10.1016/j.biocon.2017.12.021

Chase, J. M., McGill, B. J., Thompson, P. L., Antão, L. H., Bates, A. E., 
Blowes, S. A., Dornelas, M., Gonzalez, A., Magurran, A. E., Supp, 
S. R., Winter, M., Bjorkman, A. D., Bruelheide, H., Byrnes, J. E. 
K., Cabral, J. S., Elahi, R., Gomez, C., Guzman, H. M., Isbell, F., … 
O'Connor, M. (2019). Species richness change across spatial scales. 
Oikos, 128(8), 1079–1091. https://doi.org/10.1111/oik.05968

Chytrý, M., Tichy, L., Hennekens, S. M., & Schaminée, J. H. J. (2014). 
Assessing vegetation change using vegetation-plot databases: A 
risky business. Applied Vegetation Science, 17(1), 32–41. https://doi.
org/10.1111/avsc.12050

Comin, S., & Poldini, L. (2009). Archaeophytes: Decline and dispersal –  
A behavioural analysis of a fascinating group of species. Plant 
Biosystems, 143(SUPPL. 1), 37–41. https://doi.org/10.1080/11263​
50090​3192159

Díaz, S., Settele, J., Brondízio, E. S., Ngo, H. T., Agard, J., Arneth, A., 
Balvanera, P., Brauman, K. A., Butchart, S. H. M., Chan, K. M. A., 
Garibaldi, L. A., Ichii, K., Liu, J., Subramanian, S. M., Midgley, G. 
F., Miloslavich, P., Molnár, Z., Obura, D., Pfaff, A., … Zayas, C. N. 
(2019). Pervasive human-driven decline of life on Earth points to 
the need for transformative change. Science, 366(6471), eaax3100.

Diekmann, M., Jandt, U., Alard, D., Bleeker, A., Corcket, E., Gowing, D. J. G., 
Stevens, C. J., & Duprè, C. (2014). Long-term changes in calcareous 
grassland vegetation in North-western Germany – No decline in spe-
cies richness, but a shift in species composition. Biological Conservation, 
172, 170–179. https://doi.org/10.1016/j.biocon.2014.02.038

Dirzo, R., Young, H. S., Galetti, M., Ceballos, G., Isaac, N. B., & Collen, 
B. (2014). Defaunation in the Anthropocene. Science, 345(6195), 
401–406. https://doi.org/10.1126/scien​ce.1251817

https://doi.org/10.25829/idiv.1875-8-3136
https://orcid.org/0000-0001-5740-5621
https://orcid.org/0000-0001-5740-5621
https://orcid.org/0000-0003-3135-0356
https://orcid.org/0000-0003-3135-0356
https://orcid.org/0000-0002-9593-7300
https://orcid.org/0000-0002-9593-7300
https://doi.org/10.1016/j.agee.2005.12.007
https://doi.org/10.14324/111.9781787352339
https://doi.org/10.14324/111.9781787352339
https://doi.org/10.1111/ddi.13058
https://doi.org/10.1126/science.344.6188.1098-a
https://doi.org/10.1016/j.biocon.2017.12.021
https://doi.org/10.1111/oik.05968
https://doi.org/10.1111/avsc.12050
https://doi.org/10.1111/avsc.12050
https://doi.org/10.1080/11263500903192159
https://doi.org/10.1080/11263500903192159
https://doi.org/10.1016/j.biocon.2014.02.038
https://doi.org/10.1126/science.1251817


1108  |    EICHENBERG et al.

Eggert, A., Ihnken, S., Selig, U., Karsten, U., & Schubert, H. (2006). 
Distribution of three submersed macrophytes in coastal lagoons 
of the German Baltic Sea: comparison of laboratory and field data. 
Botanica Marina, 49(5/6). https://doi.org/10.1515/BOT.2006.050

Eichenberg, D., Bowler, D. E., Bonn, A., Bruelheide, H., Grescho, V., Harter, 
D., Jandt, U., May, R., Winter, M., & Jansen, F. (2020). Modelled 
occurrence of plant taxa in Germany. https://doi.org/10.25829/​
idiv.1875-8-3136

Eisenhauer, N., Bonn, A., & Guerra, C. A. (2019). Recognizing the quiet 
extinction of invertebrates. Nature Communications, 10(1), 1–3. 
https://doi.org/10.1038/s4146​7-018-07916​-1

Emmerson, M., Morales, M. B., Oñate, J. J., Batáry, P., Berendse, F., Liira, 
J., Aavik, T., Guerrero, I., Bommarco, R., Eggers, S., & Pärt, T. (2016). 
How agricultural intensification affects biodiversity and ecosystem 
services. Advances in Ecological Research, 55, 43–97. https://doi.
org/10.1016/bs.aecr.2016.08.005

Feeley, K. J., Bravo-Avila, C., Fadrique, B., Perez, T. M., & Zuleta, D. 
(2020). Climate-driven changes in the composition of New World 
plant communities. Nature Climate Change, 10(10), 965–970. 
https://doi.org/10.1038/s4155​8-020-0873-2

Finderup Nielsen, T., Sand-Jensen, K., Dornelas, M., & Bruun, H. H. 
(2019). More is less: Net gain in species richness, but biotic ho-
mogenization over 140 years. Ecology Letters, 22(10), 1650–1657. 
https://doi.org/10.1111/ele.13361

Fox, R., Oliver, T. H., Harrower, C., Parsons, M. S., Thomas, C. D., & Roy, 
D. B. (2014). Long-term changes to the frequency of occurrence 
of British moths are consistent with opposing and synergistic ef-
fects of climate and land-use changes. Journal of Applied Ecology, 51, 
949–957. https://doi.org/10.1111/1365-2664.12256

Gonzalez, A., Cardinale, B. J., Allington, G. R. H., Byrnes, J., Arthur 
Endsley, K., Brown, D. G., Hooper, D. U., Isbell, F., O'Connor, M. 
I., & Loreau, M. (2016). Estimating local biodiversity change: A cri-
tique of papers claiming no net loss of local diversity. Ecology, 97(8), 
1949–1960. https://doi.org/10.1890/15-1759.1

Guo, Z., Zhang, L., & Li, Y. (2010). Increased dependence of humans 
on ecosystem services and biodiversity. PLoS One, 5(10), e13113. 
https://doi.org/10.1371/journ​al.pone.0013113

Haeupler, H., & Schönfelder, P. (1989). Atlas der Farn-und Blütenpflanzen 
der Bundesrepublik Deutschland (2nd ed.). Ulmer.

Hallmann, C. A., Sorg, M., Jongejans, E., Siepel, H., Hofland, N., Schwan, 
H., Stenmans, W., Müller, A., Sumser, H., Hörren, T., Goulson, D., & 
de Kroon, H. (2017). More than 75 percent decline over 27 years 
in total flying insect biomass in protected areas. PLoS One, 12(10), 
e0185809. https://doi.org/10.1371/journ​al.pone.0185809

Heger, T., & Böhmer, H.-J. (2005). The invasion of Central Europe by 
Senecio inaequidens DC. – A complex biogeographical problem. 
Erdkunde, 59(1), 34–49. https://doi.org/10.3112/erdku​nde.2005. 
01.03

Hejda, M., & de Bello, F. (2013). Impact of plant invasions on functional 
diversity in the vegetation of Central Europe. Journal of Vegetation 
Science, 24(5), 890–897. https://doi.org/10.1111/jvs.12026

Hill, M. O. (2012). Local frequency as a key to interpreting species occur-
rence data when recording effort is not known. Methods in Ecology 
and Evolution, 3(1), 195–205. https://doi.org/10.1111/j.2041-210X. 
2011.00146.x

Hintermann, U., Weber, D., Zangger, A., & Schmill, J. (2000). Biodiversity 
monitoring in Switzerland. Schriftenreihe Für Landschaftspflege Und 
Naturschutz, 62, 47–58.

Hüllbusch, E., Brandt, L. M., Ende, P., & Dengler, J. (2016). Little vegeta-
tion change during two decades in a dry grassland complex in the 
Biosphere Reserve Schorfheide-Chorin (NE Germany). Tuexenia, 
36, 395–412. https://doi.org/10.14471/​2016.36.019

Isaac, N. J. B., Jarzyna, M. A., Keil, P., Dambly, L. I., Boersch-Supan, P. 
H., Browning, E., Freeman, S. N., Golding, N., Guillera-Arroita, 
G., Henrys, P. A., Jarvis, S., Lahoz-Monfort, J., Pagel, J., Pescott, 
O. L., Schmucki, R., Simmonds, E. G., & O'Hara, R. B. (2020). Data 

integration for large-scale models of species distributions. Trends 
in Ecology & Evolution, 35(1), 56–67. https://doi.org/10.1016/j.tree. 
2019.08.006

Isaac, N. J. B., van Strien, A. J., August, T. A., de Zeeuw, M. P., & Roy, D. 
B. (2014). Statistics for citizen science: Extracting signals of change 
from noisy ecological data. Methods in Ecology and Evolution, 5(10), 
1052–1060. https://doi.org/10.1111/2041-210X.12254

Jandt, U., & Bruelheide, H. (2012). German Vegetation Reference 
Database (GVRD). Biodiversity & Ecology, 4, 355. https://doi.
org/10.7809/b-e.00146

Jandt, U., von Wehrden, H., & Bruelheide, H. (2011). Exploring large 
vegetation databases to detect temporal trends in species occur-
rences. Journal of Vegetation Science, 22(6), 957–972. https://doi.
org/10.1111/j.1654-1103.2011.01318.x

Jansen, F., Bruelheide, H., Bonn, A., Eichenberg, D., Bowler, D. E., 
Bruelheide, H., & Eichenberg, D. (2020). Moderately common 
plants show highest relative losses. Conservation Letters, 13(1), 1–8. 
https://doi.org/10.1111/conl.12674

Jansen, F., & Dengler, J. (2008). GermanSL – Eine universelle taxono-
mische Referenzliste für Vegetationsdatenbanken. Tuexenia, 28, 
239–253.

Jansen, F., & Dengler, J. (2010). Plant names in vegetation databases – A 
neglected source of bias. Journal of Vegetation Science, 21(6), 1179–
1186. https://doi.org/10.1111/j.1654-1103.2010.01209.x

Jansen, F., Ewald, J., & Jandt, U. (2015). Vegetweb 2.0 – Neuauflage 
eines Vegetationsdatenportals für Deutschland. Tuexenia, 35(1), 
309–319. https://doi.org/10.14471/​2015.35.015

Jensen, K., Lenzewski, N., & Dengler, J. (2012). Vegetationsentwicklung 
im Rückdeichungsgebiet Lenzen: Veränderungen zwischen 2009 
und 2011. In Die Deichrückverlegung bei Lenzen. Erste Ergebnisse 
der wissenschaftlichen Begleitung, Auenreport Spezial (Vol. i, pp. 
58–64). Potsdam: Ministerium für Umwelt, Gesundheit und 
Verbraucherschutz des Landes Brandenburg.

Kastler, T., & Michaelis, H. (1999). The decline of Seagrasses, Zostera 
marina and Zostera noltii, in the Wadden Sea of Lower Saxony. 
Senckenbergiana Maritima, 29(S1), 77–80. https://doi.org/10.1007/
BF030​43127

Knapp, S., Kühn, I., Stolle, J., & Klotz, S. (2010). Changes in the functional 
composition of a Central European urban flora over three centu-
ries. Perspectives in Plant Ecology, Evolution and Systematics, 12(3), 
235–244. https://doi.org/10.1016/j.ppees.2009.11.001

Korneck, D., Schnittler, M., & Vollmer, I. (1996. Rote Liste der Farn- und 
Blütenpflanzen (Pteridophyta et Spermatophyta) Deutschlands. 
Rote Liste gefährdeter Pflanzen Deutschlands. Schriftenreihe für 
Vegetationskunde (Vol. 28, pp. 21–187). Bad Godesberg: Bundesamt  
für Naturschutz.

Kühl, H. S., Bowler, D. E., Bösch, L., Bruelheide, H., Dauber, J., Eichenberg, 
D., Eisenhauer, N., Fernández, N., Guerra, C. A., Henle, K., Herbinger, 
I., Isaac, N. J. B., Jansen, F., König-Ries, B., Kühn, I., Nilsen, E. B., 
Pe'er, G., Richter, A., Schulte, R., … Bonn, A. (2020). Effective bio-
diversity monitoring needs a culture of integration. One Earth, 3(4), 
462–474. https://doi.org/10.1016/j.oneear.2020.09.010

Kühn, I., Biermann, S. M., Durka, W., & Klotz, S. (2006). Relating geo-
graphical variation in pollination types to environmental and spa-
tial factors using novel statistical methods. New Phytologist, 172(1), 
127–139. https://doi.org/10.1111/j.1469-8137.2006.01811.x

Kühn, I., Durka, W., & Klotz, S. (2004). BiolFlor – A new plant-trait data-
base as a tool for plant invasion ecology. Diversity and Distributions, 
10, 363–365. https://doi.org/10.1111/j.1366-9516.2004.00106.x

Kühn, I., & Klotz, S. (2006). Urbanization and homogenization – 
Comparing the floras of urban and rural areas in Germany. Biological  
Conservation, 127(3), 292–300. https://doi.org/10.1016/j.biocon. 
2005.06.033

Lang, W., & Wolff, P. (1993). Flora der Pfalz. Verbreitungsatlas der Farn- und 
Blütenpflanzen für die Pfalz und ihre Randgebiete (1st ed.). Verlag der 
Pfälzischen Gesellschaft zur Förderung der Wissenschaften.

https://doi.org/10.1515/BOT.2006.050
https://doi.org/10.25829/idiv.1875-8-3136
https://doi.org/10.25829/idiv.1875-8-3136
https://doi.org/10.1038/s41467-018-07916-1
https://doi.org/10.1016/bs.aecr.2016.08.005
https://doi.org/10.1016/bs.aecr.2016.08.005
https://doi.org/10.1038/s41558-020-0873-2
https://doi.org/10.1111/ele.13361
https://doi.org/10.1111/1365-2664.12256
https://doi.org/10.1890/15-1759.1
https://doi.org/10.1371/journal.pone.0013113
https://doi.org/10.1371/journal.pone.0185809
https://doi.org/10.3112/erdkunde.2005.01.03
https://doi.org/10.3112/erdkunde.2005.01.03
https://doi.org/10.1111/jvs.12026
https://doi.org/10.1111/j.2041-210X.2011.00146.x
https://doi.org/10.1111/j.2041-210X.2011.00146.x
https://doi.org/10.14471/2016.36.019
https://doi.org/10.1016/j.tree.2019.08.006
https://doi.org/10.1016/j.tree.2019.08.006
https://doi.org/10.1111/2041-210X.12254
https://doi.org/10.7809/b-e.00146
https://doi.org/10.7809/b-e.00146
https://doi.org/10.1111/j.1654-1103.2011.01318.x
https://doi.org/10.1111/j.1654-1103.2011.01318.x
https://doi.org/10.1111/conl.12674
https://doi.org/10.1111/j.1654-1103.2010.01209.x
https://doi.org/10.14471/2015.35.015
https://doi.org/10.1007/BF03043127
https://doi.org/10.1007/BF03043127
https://doi.org/10.1016/j.ppees.2009.11.001
https://doi.org/10.1016/j.oneear.2020.09.010
https://doi.org/10.1111/j.1469-8137.2006.01811.x
https://doi.org/10.1111/j.1366-9516.2004.00106.x
https://doi.org/10.1016/j.biocon.2005.06.033
https://doi.org/10.1016/j.biocon.2005.06.033


    |  1109EICHENBERG et al.

Lennon, J. J., Koleff, P., Greenwood, J. J. D., & Gaston, K. J. (2004). 
Contribution of rarity and commonness to patterns of species rich-
ness. Ecology Letters, 7(2), 81–87. https://doi.org/10.1046/j.1461- 
0248.2004.00548.x

Leuschner, C., Wesche, K., Meyer, S., Krause, B., Steffen, K., Becker, 
T., & Culmsee, H. (2013). Veränderungen und Verarmung in der 
Offenlandvegetation Norddeutschlands seit den 1950er Jahren: 
Wiederholungsaufnahmen in Äckern. Grünland und Fließgewässern’, 
Berichte der Reinhessischen Tüxen Gesellschaft, 25, 166–182.

Lindgren, F. K., Rue, H., & Lindstroem, J. (2011). An explicit link between 
Gaussian fields and Gaussian Markov random fields: The SPDE 
approach. Journal of the Royal Statistical Society B, 73(4), 423–498. 
https://doi.org/10.1111/j.1467-9868.2011.00777.x

Litza, K., & Diekmann, M. (2017). Resurveying hedgerows in Northern 
Germany: Plant community shifts over the past 50 years. Biological 
Conservation, 206, 226–235. https://doi.org/10.1016/j.biocon.2016. 
12.003

Metzing, D. (2010). Global warming changes the terrestrial flora of the 
Wadden Sea. Proceedings of 12th International Scientific Wadden Sea 
Symposium, 26, 211–216.

Metzing, D., Garve, E., Matzke-Hajek, G., Adler, J., Bleeker, W., Breunig, 
T., Caspari, S., Dunkel, F. G., Fritsch, R., Gottschlich, G., Gregor, T., 
Hand, R., Hauck, M., Korsch, H., Meierott, L., Meyer, N., Renker, C., 
Romahn, K., Schulz, D., … Zimmermann, F. (2018).Rote Liste und 
Gesamtartenliste der Farn- und Blütenpflanzen (Trachaeophyta) 
Deutschlands. In Bundesamt für Naturschutz (Ed.), Rote Liste ge-
fährdeter Tiere, Pflanzen und Pilze Deutschlands. Band 7: Pflanzen 
(Vol. 70/7, pp. 13–358). Naturschutz und Biologische Vielfalt.

Meyer, S., Bergmeier, E., Becker, T., Wesche, K., Krause, B., & Leuschner, 
C. (2015). Detecting long-term losses at the plant community level 
– Arable fields in Germany revisited. Applied Vegetation Science, 
18(3), 432–442. https://doi.org/10.1111/avsc.12168

Meyer, S., Wesche, K., Hans, J., Leuschner, C., & Albach, D. C. (2015). 
Landscape complexity has limited effects on the genetic struc-
ture of two arable plant species, Adonis aestivalis and Consolida 
regalis. Weed Research, 55(4), 406–415. https://doi.org/10.1111/
wre.12150

Meyer, S., Wesche, K., Krause, B., & Leuschner, C. (2013). Dramatic 
losses of specialist arable plants in Central Germany since the 
1950s/60s – A cross-regional analysis. Diversity and Distributions, 
19(9), 1175–1187. https://doi.org/10.1111/ddi.12102

Mitschke, A., Sudfeldt, C., Heidrich-Riske, H., & Dröschmeister, R. 
(2005). Das neue Brutvogelmonitoring in der Normallandschaft 
Deutschlands – Untersuchungsgebiete. Erfassungsmethode und 
erste Ergebnisse. Vogelwelt, 126, 127–140.

Naeem, S., Duffy, J. E., & Zavaleta, E. (2012). The functions of biological 
diversity in an age of extinction. Science, 336(6087), 1401–1406. 
https://doi.org/10.1126/scien​ce.1215855

Nehring, S. (2006). Four arguments why so many alien species settle into 
estuaries, with special reference to the German river Elbe. Helgoland 
Marine Research, 60(2), 127–134. https://doi.org/10.1007/s1015​
2-006-0031-x

Netzwerk Phytodiversität Deutschland, & Bundesamt für Naturschutz (Eds.). 
(2013). Verbreitungsatlas der Farn-und Blütenpflanzen Deutschlands. 
Landwirtschaftsverlag.

Pandolfi, J. M., & Lovelock, C. E. (2014). Novelty trumps loss in global 
biodiversity. Science, 344(6181), 266–267. https://doi.org/10.1126/
scien​ce.1252963

Pescott, O. L., Humphrey, T. A., Stroh, P. A., & Walker, K. J. (2019). 
Temporal changes in distributions and the species atlas: How 
can British and Irish plant data shoulder the inferential burden? 
British & Irish Botany, 1(4), 250–282. https://doi.org/10.33928/​
bib.2019.01.250

Pescott, O. L., Humphrey, T. A., & Walker, K. J. (2018). A short guide to 
using British and Irish plant occurrence data for research. https://doi.
org/10.13140/​RG.2.2.33746.86720

Pescott, O., Powney, G., & Walker, K. (2019). Developing a Bayesian 
species occupancy/abundance indicator for the UK National 
Plant Monitoring Scheme (pp. 1–29). https://doi.org/10.13140/​
RG.2.2.23795.48161

Pescott, O. L., Walker, K. J., Pocock, M. J. O., Jitlal, M., Outhwaite, C. L., 
Cheffings, C. M., Harris, F., & Roy, D. B. (2015). Ecological monitor-
ing with citizen science: The design and implementation of schemes 
for recording plants in Britain and Ireland. Biological Journal of the 
Linnean Society, 115(3), 505–521. https://doi.org/10.1111/bij.12581

Powney, G. D., Cham, S. S. A., Smallshire, D., & Isaac, N. J. B. (2015). 
Trait correlates of distribution trends in the Odonata of Britain and 
Ireland. PeerJ, 3, 1–14. https://doi.org/10.7717/peerj.1410

Raabe, U., Büscher, D., Fasel, P., Foerster, E., Götte, R., Haeupler, H., 
Jagel, A., Kaplan, K., Keil, P., Kulbrock, P., & Loos, G. H. (2012). 
Rote Liste und Artenverzeichnis der Farn- und Blütenpflanzen –  
Spermatophyta et Pteridophyta – In Nordrhein-Westfalen. 4. 
Fassung. Stand Dezember 2010. LANUV-Fachbericht, 36, 49–183.

Rejmánek, M., Richardson, D. M., & Pyšek, P. (2005). Plant invasions 
and invasibility of plant communities. E. van der Maarel (Ed.), 
Vegetation ecology (2nd ed., pp. 332–355). Blackwell. https://doi.
org/10.1002/97811​18452​592.ch13

Rich, T. C. G., & Woodruff, E. R. (1996). Changes in the vascular plant 
floras of England and Scotland between 1930–1960 and 1987–
1988: The BSBI Monitoring Scheme. Biological Conservation, 75(3), 
217–229. https://doi.org/10.1016/0006-3207(95)00077​-1

Rue, H., Martino, S., & Chopin, N. (2009). Approximate Bayesian in-
ference for latent Gaussian models by using integrated nested 
Laplace approximations. Journal of the Royal Statistical Society: 
Series B (Statistical Methodology), 71(2), 319–392. https://doi.
org/10.1111/j.1467-9868.2008.00700.x

Sax, D. F., & Gaines, S. D. (2003). Species diversity: From global decreases 
to local increases. Trends in Ecology & Evolution, 18(11), 561–566. 
https://doi.org/10.1016/S0169​-5347(03)00224​-6

Schuldt, A., Assmann, T., Brezzi, M., Buscot, F., Eichenberg, D., 
Gutknecht, J., Härdtle, W., He, J.-S., Klein, A.-M., Kühn, P., Liu, 
X., Ma, K., Niklaus, P. A., Pietsch, K. A., Purahong, W., Scherer-
Lorenzen, M., Schmid, B., Scholten, T., Staab, M., … Bruelheide, H. 
(2018). Biodiversity across trophic levels drives multifunctionality 
in highly diverse forests. Nature Communications, 9(1). https://doi.
org/10.1038/s4146​7-018-05421​-z

Seibold, S., Gossner, M. M., Simons, N. K., Blüthgen, N., Ambarl, D., 
Ammer, C., Bauhus, J., Fischer, M., Habel, J. C., & Linsenmair, K. 
E. (2019). Arthropod decline in grasslands and forests is associ-
ated with drivers at landscape level, Nature, 574, 1–34. https://doi.
org/10.1038/s4158​6-019-1684-3

Simpson, D., Rue, H., Riebler, A., Martins, T. G., & Sørbye, S. H. (2017). 
Penalising model component complexity: A principled, practical 
approach to constructing priors. Statistical Science, 32(1), 1–28. 
https://doi.org/10.1214/16-STS576

Sompek, E., Stummer, A., Kern, C., & Fickert, T. (2017). Bestandsentwicklung 
invasiver Neophyten am Unterlauf der Ilz (Bayerischer Wald). 
Naturschutz Und Landschaftsplanung, 49(11), 341–347.

Sperle, T., & Bruelheide, H. (2020). Climate change aggravates bog 
species extinctions in the Black Forest (Germany). Diversity and 
Distributions. https://doi.org/10.1111/ddi.13184

Staude, I. R., Waller, D. M., Bernhardt-Römermann, M., Bjorkman, A. 
D., Brunet, J., De Frenne, P., Hédl, R., Jandt, U., Lenoir, J., Máliš, F., 
Verheyen, K., Wulf, M., Pereira, H. M., Vangansbeke, P., Ortmann-
Ajkai, A., Pielech, R., Berki, I., Chudomelová, M., Decocq, G., … 
Baeten, L. (2020). Replacements of small- by large-ranged spe-
cies scale up to diversity loss in Europe's temperate forest biome. 
Nature Ecology & Evolution, 4(6), 802–808. https://doi.org/10.1038/
s4155​9-020-1176-8

Stroh, P., Leach, S. J., August, T. A., Walker, K. J., Pearman, D. A., Rumsey, 
F. J., Harrower, C. A., Fay, M. F., Martin, J. P., & Pankhurst, T. (2014). 
A vascular plant red list for England. BSBI News, 9, 1–193.

https://doi.org/10.1046/j.1461-0248.2004.00548.x
https://doi.org/10.1046/j.1461-0248.2004.00548.x
https://doi.org/10.1111/j.1467-9868.2011.00777.x
https://doi.org/10.1016/j.biocon.2016.12.003
https://doi.org/10.1016/j.biocon.2016.12.003
https://doi.org/10.1111/avsc.12168
https://doi.org/10.1111/wre.12150
https://doi.org/10.1111/wre.12150
https://doi.org/10.1111/ddi.12102
https://doi.org/10.1126/science.1215855
https://doi.org/10.1007/s10152-006-0031-x
https://doi.org/10.1007/s10152-006-0031-x
https://doi.org/10.1126/science.1252963
https://doi.org/10.1126/science.1252963
https://doi.org/10.33928/bib.2019.01.250
https://doi.org/10.33928/bib.2019.01.250
https://doi.org/10.13140/RG.2.2.33746.86720
https://doi.org/10.13140/RG.2.2.33746.86720
https://doi.org/10.13140/RG.2.2.23795.48161
https://doi.org/10.13140/RG.2.2.23795.48161
https://doi.org/10.1111/bij.12581
https://doi.org/10.7717/peerj.1410
https://doi.org/10.1002/9781118452592.ch13
https://doi.org/10.1002/9781118452592.ch13
https://doi.org/10.1016/0006-3207(95)00077-1
https://doi.org/10.1111/j.1467-9868.2008.00700.x
https://doi.org/10.1111/j.1467-9868.2008.00700.x
https://doi.org/10.1016/S0169-5347(03)00224-6
https://doi.org/10.1038/s41467-018-05421-z
https://doi.org/10.1038/s41467-018-05421-z
https://doi.org/10.1038/s41586-019-1684-3
https://doi.org/10.1038/s41586-019-1684-3
https://doi.org/10.1214/16-STS576
https://doi.org/10.1111/ddi.13184
https://doi.org/10.1038/s41559-020-1176-8
https://doi.org/10.1038/s41559-020-1176-8


1110  |    EICHENBERG et al.

Vallejos, R., Osorio, F., & Bevilacqua, M. (2018). Spatial relationships be-
tween two georeferenced variables: With applications in R. Springer.

van Klink, R., Bowler, D. E., Gongalsky, K. B., Swengel, A. B., Gentile, A., 
& Chase, J. M. Meta-analysis reveals declines in terrestrial but in-
creases in freshwater insect abundances. Science, 368(6489), 417–
420. https://doi.org/10.1126/scien​ce.aax9931

Vellend, M., Baeten, L., Myers-Smith, I. H., Elmendorf, S. C., Beausejour, 
R., Brown, C. D., De Frenne, P., Verheyen, K., & Wipf, S. (2013). 
Global meta-analysis reveals no net change in local-scale plant bio-
diversity over time. Proceedings of the National Academy of Sciences 
of the United States of America, 110(48), 19456–19459. https://doi.
org/10.1073/pnas.13127​79110

Vor, T., & Schmidt, W. (2008). Neophyten in der Hördter Rheinaue/
Rheinland-Pfalz. Forstarchiv, 79, 143–151.

Walker, K. J., & Preston, C. D. (2006). Ecological predictors of extinc-
tion risk in the flora of lowland England, UK. Biodiversity and 
Conservation, 15(6), 1913–1942. https://doi.org/10.1007/s1053​
1-005-4313-4

Wesche, K., Krause, B., Culmsee, H., & Leuschner, C. (2012). Fifty years 
of change in Central European grassland vegetation: Large losses in 
species richness and animal-pollinated plants. Biological Conservation, 
149, 76–85. https://doi.org/10.1016/j.biocon.2012.02.015

White, H. J., Gaul, W., Sadykova, D., León-Sánchez, L., Caplat, P., 
Emmerson, M. C., & Yearsley, J. M. (2019). Land cover drives large 
scale productivity-diversity relationships in Irish vascular plants. 
PeerJ, 7, e7035. https://doi.org/10.7717/peerj.7035

Winter, M., Schweiger, O., Klotz, S., Nentwig, W., Andriopoulos, P., 
Arianoutsou, M., Basnou, C., Delipetrou, P., Didziulis, V., Hejda, M., 
Hulme, P. E., Lambdon, P. W., Pergl, J., Pysek, P., Roy, D. B., & Kuhn, 
I. (2009). Plant extinctions and introductions lead to phylogenetic 
and taxonomic homogenization of the European flora. Proceedings 

of the National Academy of Sciences of the United States of America, 
106(51), 21721–21725. https://doi.org/10.1073/pnas.09070​88106

Wolff, W. J. (1999). Exotic invaders of the meso-oligohaline zone of es-
tuaries in the Netherlands: Why are there so many? Helgolander 
Meeresuntersuchungen, 52(3–4), 393–400. https://doi.org/10.1007/
BF029​08913

Wood, C. M., Smart, S. M., Bunce, R. G. H., Norton, L. R., Maskell, L. 
C., Howard, D. C., Scott, W. A., & Henrys, P. A. (2017). Long-term 
vegetation monitoring in Great Britain – The Countryside Survey 
1978–2007 and beyond. Earth System Science Data, 9(2), 445–459. 
https://doi.org/10.5194/essd-9-445-2017

Zipkin, E. F., Inouye, B. D., & Beissinger, S. R. (2019). Innovations in data 
integration for modeling populations. Ecology, 100(6), 1–3. https://
doi.org/10.1002/ecy.2713

Zuur, A., & Ieno, E. N. (2017). Beginner's guide to spatial, temporal and 
spatial-temporal ecological data analysis with R-INLA. Highland 
Statistics Ltd.

SUPPORTING INFORMATION
Additional supporting information may be found online in the 
Supporting Information section.

How to cite this article: Eichenberg D, Bowler DE, Bonn A, et 
al. Widespread decline in Central European plant diversity 
across six decades. Glob Change Biol. 2021;27:1097–1110. 
https://doi.org/10.1111/gcb.15447

https://doi.org/10.1126/science.aax9931
https://doi.org/10.1073/pnas.1312779110
https://doi.org/10.1073/pnas.1312779110
https://doi.org/10.1007/s10531-005-4313-4
https://doi.org/10.1007/s10531-005-4313-4
https://doi.org/10.1016/j.biocon.2012.02.015
https://doi.org/10.7717/peerj.7035
https://doi.org/10.1073/pnas.0907088106
https://doi.org/10.1007/BF02908913
https://doi.org/10.1007/BF02908913
https://doi.org/10.5194/essd-9-445-2017
https://doi.org/10.1002/ecy.2713
https://doi.org/10.1002/ecy.2713
https://doi.org/10.1111/gcb.15447

